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Abstract
Data is central to AI performance, yet its curation remains an in-
visible and labour-intensive process, often leading to biases and
reliability issues. While HCI has explored methods to improve data
work, a growing body of research embraces data imperfections in
an artistic vein to provoke reflection on human-AI relations. This
workshop examines “Data Craft”—practices that creatively manipu-
late data to challenge conventional AI narratives and lower barriers
to public engagement. By framing data craft as a boundary practice,
we explore its potential to foster dialogue on AI capabilities, limita-
tions, and societal impact. The workshop will investigate how data
craft can be systematically integrated into participatory AI efforts,
moving beyond artistic spaces to inform public debate. Through
hands-on exploration, we aim to uncover strategies for leveraging
data craft to engage diverse communities in shaping AI discourse.
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1 Introduction
Data is a critical component of the good functioning of Artificial
Intelligence (AI) algorithms and related applications. As the pop-
ular saying “Garbage in, garbage out” underscores, if the quality
of data we train AI with is low, the quality of AI behaviour and
output will be poor [11], and the coverage of the dataset shapes
the behaviour of the model. However, despite its name1 it is impor-
tant to acknowledge that data is not a given resource. It is rather a
“raw material” that needs human labor to be extracted, curated, and
maintained, all actions that together constitute the complex—yet
often invisible—sociotechnical practice space of Data Work [3, 21].

Choices made at each step of data work pipelines have down-
stream effects on the behaviour of an AI model and on the generaliz-
ability and reliability of the results [4, 7, 19]—what Sambasivan et al.
[23] callData Cascades. Understanding andmitigating data cascades
is critical, especially when it comes to AI being applied in sensi-
tive settings and domains, such as health care, hiring, or driving
safety, where consequences can be serious. For instance, research
has found that algorithms used to identify candidates for high-risk
care management programs routinely failed to refer people from
racial minorities for these beneficial services [13]. Relatedly, the
recent Dutch childcare benefit scandal put the spotlight on how AI
algorithms employed by public administration often make use of
historical data and nationality data to make an assessment about
the probability of citizens to commit fraud, often leading to concrete
discriminatory actions towards non-Dutch citizens [15]. This is a
problem further exacerbated by the fact that data work remains
extremely time-consuming and expensive [19, 23], leading to the
use of datasets often lacking diversity and poor annotation quality.

As creating appropriate datasets and accurate datawork pipelines
becomes more and more important, the field of human-computer
interaction (HCI) increasingly engages with investigations of how
best to support these practices [19]. HCI strategies vary from the
development of dedicated interfaces, measurement mechanisms,

1Data comes for dare, that which is given; alternative framings as capta more precisely
highlight the selective nature of data, see e.g. [9].
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and incentives, to advocating for and supporting the participa-
tion of broader communities, especially the fragile and vulnerable
ones [23], in the production, curation, and annotation of datasets [19].
An example is PRISM [17], a dataset that collects preferences and
feedback of 1500 diverse participants from 75 countries on 8,011
live conversations with 21 Large Language Models (LLMs) and aims
to make manifest the complexity of aligning LLMs to human pref-
erences when the human is not an individual but a plurality [17].

In stark contrast, a recent—smaller—stream of HCI research has
been looking at and engaging with data work from a radically
different standpoint. Here, data cascades are embraced and latent
spaces are indulged in, with the explicit intention of engaging in
reflections about our relationships with AI algorithms and data
more specifically. For instance, Arzberger et al. [1] underscores the
possible role of data curation as a reflexive practice in which the
limits of algorithms and the biases inherited from poor datasets can
become a resource for auto-confrontation. In this vein, in Objective
Portrait [27] three designers annotated a collection of images with
subjective labels, later used to teach an object detection model the
designers’ perspectives. These trained models were then used to
confront their own design work as a way to prompt self-reflection.
Similarly, Hoggenmueller et al. [14] leveraged text-to-image mod-
els in their "CreativeAI Postcards" method, deliberately embracing
AI limitations to surface robot stereotypes and prompt critical re-
flection on designers’ assumptions about robot appearances. Fur-
ther, Turtle et al. [26] make manifest a critique of and encourage an
engagement with the theme of human datafication. In particular,
through the exploration titled Undoing Gracia, a Digital Twin simu-
lation where the first author interacts with their AI twins within a
fictional world, the authors underscore how humans are becoming
encoded as data subjects whose existence is entangled with both
the digital and physical realms. The theme of human-AI entangled
experience of the world becomes manifest also through the work
of Karmann [16] who designed Paragraphica, a camera that uses
location data to prompt AI to generate a “photo” of a specific place
and moment. Instead of centering on the self, however, here the
work focuses on data as a means to “see through algorithmic eyes”
and reflect on when data matters. As a matter of fact, we often
uniquely think of it as something exclusively related to AI training,
yet AI inference relies on data as well. This is even more evident
in Shadowplay [20], an installation where visitors can use their
bodies to create AI imagery in real-time. Here, the author puts the
spotlight on the craft practices of prompting and invites a reflection
on what we consider data (pixels in this case) and how this affects
our interaction with AI. To some extent, most of these examples fit
within the umbrella of Experiential AI—the use of creative practice
to make the way algorithms work vivid and apparent [12].

Because of their radically different standpoint and ambitions,
these exemplars of data work are better defined as Data Craft
practices: approaches where authors express “freedom in curating
the data, avoiding standardised measures of success and tweak-
ing conventional steps of the process in order to get the desired
outcome” [6]. The desired outcome here is critical: instead of at-
tempting to fix datasets and prevent data cascades, the ambition
of these works is to rather encourage reflections on and reconcep-
tualisations of our entanglement with AI algorithms and the data
these work with. In doing so, data craft lowers the barriers for the
public to grasp and engage with matters of algorithmic capabilities

and limitations, as well as hopes and fears we embed into these
technologies. This stream of work relates to a large history of more-
or-less critical data practices, from human data interaction studies
[22], through the ablative framework for designing from, with and
by data [25] to explicit explorations of feminist approaches to data
(e.g. [8, 24]) and explicit use of curated data to expose the potential
for bias in generative models [10].

In these reflexive and dialogic ambitions, we see a great poten-
tial that data craft can have to function as a boundary practice: “a
practice whose purpose is to connect other practices by addressing
conflicts, reconciling perspectives, and resolving differences” [28].
Data craft combines knowledge from diverse disciplinary domains
and looks at the troubles that arise from the engagement with data,
to seek either personal or collective confrontation. In doing so, these
works help delineate borders, which are not to be seen as “mark-
ers of difference” but rather as “interfaces facilitating knowledge
production” [18] about AI and data. This holds great potential, espe-
cially within the space of participatory AI research and practice, in
which there is a growing call for both approaches to nurture public
AI literacy, as well as to develop novel models of engagement [2, 5].

However, up to today, these data craft practices seem to remain
bound to the space of designerly and artistic exploration, with-
out explicit employment within the space of public debate and
consultation about AI. Although many of these take the form of
installations, are exhibited in galleries and festivals, and are experi-
enced by multitudes of people, there is no track of the effects on
the public perception of AI and matters of data. Shadowplay [20],
for instance, has been experienced by thousands of people across
Europe; Elwes’ Zizi Project has been shown at SFMOMA and the
V&A. But, what did they learn? Did this interaction change the way
these people think about AI and possible interactions with it? And
more broadly, can data craft practices be systematically employed in
participatory AI activities?

1.1 The workshop
The workshop investigates the potential and challenges of data
craft to function as a boundary practice. More specifically, through
the creation of a collection of works, the workshop will unpack the
venues, work pipelines, and modes of engagement to better under-
stand data craft and its potential to enable debate about important
topics surrounding AI and data. The goal is to create a dialogue
about these practices and to understand whether and how data craft
can bring a distinct value to the fields of HCI and AI. The workshop
provides the community with a collection of data craft exemplars,
and a series of critical reflections on the alternative ways to practice
data craft, with the ultimate intent to set an HCI research agenda
around data craft as a boundary practice for participatory AI. The
program will combine lightning talks from two invited speakers,
short presentations from workshop participants and a hands-on
activity. The invited speakers are selected to bring complementary
perspectives in the space of Data Craft practices, i.e., Joseph Lindley
for his experience with AI media art and wide engagement with the
public, and Cristina Zaga, for her critical and systematic inquiry of
Data Work and her investigations for integrating alternative data
practices in research and design work. In particular, the keynote
speakers will provide two radically different views into data craft
work, which carry complementary values.
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Joseph Lindley, in his talk titled "A Renaissance of Craft? GenAI,
Data and Vibes", will draw parallels between the Arts and Crafts
movement, that emerged as artisans offered a counterpoint to the
reduced quality and loss of traditional skills that were brought
about by industrial mass production, and our current moment in
history, where the mass production of GenAI has democratised
our relationship with data, the defining creative and economic
material of the 21st century. As Lindley argues: "almost overnight,
our relationship with data has transformed, becoming something
anyone can massage, manipulate, make beautiful, harness, control,
and vibewith. GenAI is precipitating new forms of creativity, a rapid
development in culture, and we are living through a new ‘Golden
Age’ of Data Craft. At first glance, this is a wonderful place to be,
with democratised creative potential unleashed as never before. But,
if we cast an eye towards the Arts and Crafts movement’s ultimate
decline, are there cautionary tales we should be mindful to consider?.
This cautionary note is interwoven with the counter-perspective on
Data Craft discussed by Cristina Zaga. In her talk titled "Reframing
Reclaming and Re-Imagining Data in the Post-Human Convergence"
will provide an overview of how data is culturally and politically
shaped in both knowledge and technological production. She will
provide examples that demonstrate how we, as designers working
alongside both humans and non-humans, can reframe our approach
to crafting data. By employing critical design, we can re-appropriate
and re-imagine data to align it more closely with lived and sensory
experiences. I will discuss how embodied and political sensemaking
can help us explore new avenues for granular, slow, and situated
data that support the shift of power, promote emancipation, and
help individuals regain agency in healthcare and work settings. She
will ultimately stress how data serves as a crucial form of social,
cultural, political, and economic power, carrying socio-technical
implications that necessitate critical and intentional consideration
in HCI and design.

The short talks from selected participants and organizers will
showcase examples of data practices that will subsequently be
used in the hands-on activity. For instance, Willem wan der Maden
will discuss how the project Deviation Game, by Tomo Kihara, in-
cludes an element of data craft that translate into an experience
where participants play against an AI. Juri Sanni will discuss Italian
Brainrots as an exemplar of internet phenomenon that is deeply
intertwined with dataset and genAI appropriation from the gen-
eral public. Roberta Antognini will speculate on how forgotten or
dismissed personal data could be used to dialogue with health AI
technologies, such as self-management tools, as a way to acknowl-
edge and listen to subjective narratives and ultimatelymakemedical
care more respectful, transparent, and useful. More cases will be
added.
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